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Abstract. Indonesia is one of the fastest growing countries in terms of penetration, 
number, and value of electronic transactions. In addition, the number of sellers inside the 
platform are also rising. Therefore, a good marketing strategy such as discounts is needed 
to win the digital competition. This research aims to identify the most effective discount 
pattern on E-Commerce platforms by using experimental methods with 2x3 factorial 
design cells. Each scenario will represent the combinations between three discount 
patterns and two consumer’s product types. The scenarios were distributed to six 
different groups of a total 180 randomly selected participants. Two pilot tests were 
conducted in the first place to find the representative products both  for  the convenience 
and specialty goods. Three most used discount patterns were selected from the E- 
Commerce platform itself. The result shows that percentage and slash price discount has 
greater impact on the purchase intention of specialty goods rather than on convenience 
goods. Meanwhile special price discount have a higher impact on convenience good 
purchase intention. Online sellers are expected to carefully apply  discount variations  
towards  their product in order to make it effective and impactful. 
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1   Introduction 

E-Commerce  has  been  rapidly   growing  in  Indonesia  [1].  As  the  number   one 
country in terms of electronic transaction value growth, Indonesia has already passed Mexico 
which marked 59% growth rate, with 78% in total growth [2]. In average, Indonesian are 
spending US$ 228 or equals to Rp 3.019.000 per person for electronic transaction [3], this 
number is just slightly under Jakarta’s provincial minimum wage which probably indicates the 
rise of middle class as one of the E-Commerce growth indicators [4]. In 2020, as per August, 
140 Million transactions are recorded in  Indonesia, nearly doubled compared to the previous 
year with 80 Million transactions [5]. In the beginning of Covid-19 crisis in Indonesia, 274 
Million clicks were generated throughout the top 10 E-Commerce sites with food and personal 
hygiene products as the top  categories purchased  [6].  Some  of  Indonesian  major  e-
commerce  experience  the significant boost on their user increase during Covid 19 pandemic. 
One of it are Tokopedia, as the highest visit rate e-commerce in Indonesia, Tokopedia 
successfully gain 2.2 Million new seller in just 9 months since October 2019 to August 2020 
which make them have 8.6 Million users in total. Meanwhile Blibli claims to have 27 
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Thousand UMKM user on their special page ‘Galeri Indonesia’. 
All these facts shown that Indonesian are getting more familiar with electronic 

transactions. The interesting fact is that 74% of E-Commerce penetration in Indonesia are 
coming from Java only, meanwhile Sumatera contribute around 14% and Sulawesi 4% [7], 
This phenomenon shows that there is still a big chance of growth in the future. All of the E- 
Commerce’s elements must be ready for the digital marketing war, including their seller. 

As the number of seller and buyer grow simultaneously, online competition is getting more 
strict. Satisfaction will not be the only one factor that drives consumers loyalty when it comes 
to online shopping [8], overload product information will lead to consumer confusion 
proneness which affect consumers’ decision making and even brand  loyalty [9]. Online seller 
need to find the most effective and efficient way to spend their marketing budget for 
promotion. Bigger discount doesn’t mean higher purchase intention, without proper promotion 
plan, seller will only burning their budget for nothing. 

This study used experimental methods in order to get the most valid and reliable data from 
the real situation and condition of the controlled group. The result is expected to show how 
product types such as convenience and specialty goods will interact with specific discount 
patterns such as percentage discount, slash price discount, and special price in order to 
maximize discount effectivity and boost purchase intention within each type of product on E-
Commerce platforms. The six cells from factorial methods used in this study will reveal which 
discount is more effective on convenience good and which one suit the specialty good more. 
Results from this study can be used to be an insight to managers in order to plan and execute 
their promotion strategy. 

2 Hypothesis 

Copeland, classifying consumer goods based on the consumer’s behavior and can be 
divided as convenience goods and specialty goods. Convenience goods is products that is 
daily used by consumers, and is bought by comparing it with other brands. Example of 
convenience goods is toothpaste, sugar, etc. Specialty good is defined as products that attracts 
consumers with high quality such as cars, television etc [10][11]. Consumers  usually have 
more considerations in purchasing this type  of consumer goods  Purchase  Intention is one of 
the most important factor for company, because when the purchase intention of customers is 
increased, then the possibility of consumers buy the product will  also  increase.  Purchase 
Intention is also one of the indicator of predicting consumer’s behavior. Purchase  intention 
can  be defined as the possibility of consumers make a purchase on a service or products in the 
future [12][13]. Promotions is one of the most used technique to improve purchase intention 
[14]. 

Price promotion is the most common way of promotion in the market. Promotion itself has 
the main purpose to drive usage and sales towards a product or service [15]. There are three 
dimensions of individual response in terms of measuring a promotion, first is cognition which 
include knowledge, perception, and beliefs towards the stimulus. Second, affection which 
influence attitudes, feelings, and emotions of an individual, and the last is conation or a 
response in a form of behavior [16]. Price promotion are commonly categorized and presented 
as percentages, monetary amount, or combination [17], meanwhile [18] divided into five, 
cash, quantity, functional, seasonal, and incentive discount. The result from these discounts 
will depend on the product category and any other factors [19]. It is quite tricky to use this 



kind of promotion, otherwise there will be no relationship or interaction at all within the 
promotion and the purchase behavior itself [20]. Thus, marketer should know how consumers 
did their purchase decision through some indicators which stated by Rachma [21] as reference 
price, perceived quality, and perceived value. Pricing strategy on price promotion acts  as  the 
most common long-term marketing tool strategy [22], including reference  price that will 
affect consumers' consideration and perception [14] that leads to purchase intention and price 
attractiveness [23]. 

Based on the commonly used price promotions and discount patterns on the  e-commerce 
platform, this paper aims to investigate deeply about the possible interaction within the 
discount and product type towards purchase intention. Each hypothesis will represent each 
experiment group from this research. 

Previous study indicates that promotion have a significant impact towards perceived price 
attractiveness and purchase intention on the offline store [15]. The results shows that monetary 
amount discount are more effective and interesting for woman rather than any other discount 
form such as percentage, fixed price, etc. This may caused by the individual perception of a 
price level, one’s expensive might be cheap for the other [24]. Monetary discount shows a real 
cut off price, so it will influence the most. In other research, percentage off discount have a 
greater impact on high-priced product, because it is associated with a better service quality 
[25]. In the other hand, percentage discount are consider as relative, which means the value 
will grow along with the regular price, that is why high-priced product or specialty product are 
more interesting with this kind of discount. From these studies, the hypothesis are: 

 
H1. Percentage discount has a higher impact on specialty product’s purchase intention. 

 
Slash price or monetary discount have a psychological effect towards consumers because 

of its reference price. This reference price will show  a higher price and influence consumers’ 
subconscious mind of perceived price attractiveness. High-priced products will be more 
interesting in the form of net cash discount or in this case, slash price [26]. In short, purchase 
decision is not only depend fully on the final price, but also the reference  price [23]. Higher 
reference price also indicates good quality and high demand, so that  will refer to the rarity of 
this discounted price on the specific product or services [23]. Price perception also achieved 
faster with a comparison between reference and final price  [22]. The hypothesis build from 
these studies are: 

 
H2. Slash price or monetary discount has a higher impact on specialty product’s purchase 
intention. 

 
Armstrong and Chen [27] once revealed that in most selling models, consumers will only 

care about price level which directly shows quality of the product itself, and both reference 
price and discount price has no effect at all. Thus, fixed price actually have its own function to 
build consumers' perception towards product quality, meanwhile place might also have quite 
strong influence. Consumers also have their own cor elation between selling place and  price  
level beside the fact that they will only buy something when the final price didn’t exceed their 
own individual valuation as the result of product quality observation. There is still limited 
research about the impact of fixed price on purchase intention, this research will try to dig 
deeper about this issue [27]. 

H3. Absolute or fixed price has a higher impact on specialty product’s purchase intention.  



3 Method 

The experiment result in this paper was an extension research towards the discount 
framing effects and its impact on customer’s purchase intention on specific product types. 
Based on observation and theoretical classification, specialty and convenience products are 
chosen because of the availability throughout the e-commerce platform. Experiment methods 
were adopted to  gain the most relevant fact and result based on the cur ent condition. 3 X 2 
factorial designs are used to accommodate two dependent variables which are three levels of 
discount patterns  and  two levels of product types. Means there are six different scenarios 
distributed randomly to approximately 188 participants. The flow of the experiment started 
with two pilot tests, manipulation check, pre-test, and the main test. Details of each step 
provided Table 1. 
 

Table 9. Details of Each Step Provided 

Scenario 
Factors 

Product Type 
Convenience Specialty 

Percentage A D 
Absolute price B E 
Slash Price C F 

 

3.1 Pilot Test 
The first pilot test are conducted to gain as much information about what products are  categorized 

as specialty and convenience goods. Open questions questionnaires are distributed to 30 participants. 
The definition for specialty and convenience good stated, added by the visualization of categories 
examples from one of the e-commerce platforms. The results shows handphone and body wash as the 
representative of specialty and convenience goods. Meanwhile, the second pilot test aimed to get the 
specification detail of the handphone and how much people are willing to spend their money to buy the 
product, the average price will be present in the scenario mock up. 

3.2 Manipulation Check 
This step is required on experimental methods to make sure that the product representative, discount 

pattern and discount amount on the mock up are clear enough to be understood by the participants. 
Distributed to 30 participants with a few questions about what specific discount patterns are shown on 
the mock up and how much or how many discounts are offered. In the first result, the percentage 
discount mock up came up with more than 6% margin of er or, which lead to a second manipulation 
check with a little modification and the results was 0% of er or. Based on these results, these mock 
ups are ready to be distributed for the main test. 

 



 
Fig 1. Mock Ups 

3.3 Pre Test 
Pre test are crucial for the questions items stated on the main test. Six dimensions of purchase 

intentions are carefully selected and curated from previous study.  Presented with six Likert scale to 
avoid neutral answers. Validity and reliability tests will show how strong and consistent the questions 
items are. KMO or Kaiser-Meyer-Olkin and component matrix values on CFA analysis must be > 0.5 
for each question item to make it valid. Based on the table below, each question item has > 0.5 value 
for both components, making them valid to proceed to the next step. 
 

Table 2. Validity and reliability tests 
Variable Indicators 

Code 
KMO Bartlett’s 

Test 
Component 
Matrix 

Result 

Purchase Intention 
(Convenience Good) 

PI 1 0.765 0.000 0.780 Valid 
PI 2   0.535 Valid 
PI 3   0.835 Valid 
PI 4   0.728 Valid 
PI 5   0.676 Valid 
PI 6   0.594 Valid 

Purchase Intention 
(Specialty Good) 

PI 1 0.739 0.000 0.874 Valid 
PI 2   0.932 Valid 
PI 3   0.933 Valid 
PI 4   0.630 Valid 
PI 5   0.824 Valid 

 PI 6   0.891 Valid 

3.4 Main Test 
Six different scenarios are distributed to approximately 180 participants, with each group containing 

30 participants. Three groups representing convenience good with body wash product and the other 
three representing specialty group with handphone product. Three discount patterns applied for each 
goods. Descriptive statistics are used to see mean value of each scenario to measure purchase 
intentions, T-test conducted to see the significant difference  between goods, and the last is two-way 
ANOVA to analyze the significant relationship within the discount patterns and products type. 
Hypotheses are tested and even though the mean value for specialty product on percentage and slash 
price have higher purchase intention and seems to prove the hypothesis, the results are still rejected for 
all hypotheses. This results caused by the insignificant correlation within the variables shown from the 



T-test and ANOVA. In short,  all  three hypotheses have no support from inferential statistics side. The 
complete mean value are on the table 3. 

 
Table 3. The complete mean value 

Product Type Discount Type Mean Number of Participant 
Convenience Good Percentage 3.89 31 
 Slash Price 3.73 30 
 Special Price 3.87 32 
Specialty Good Percentage 4.15 30 
 Slash Price 3.92 30 
 Special Price 3.54 31 

4 Result 

Results collected from 188 eligible participants which passed the screening questions including 
whether they have made any successful purchase through the online channel in the last three 
months. Female participants dominate with 54.5% and the rest are male. Participant’s  age ranging 
from 17 to more than 55 years, categorized as boomers generation until millennials, this 
widespread proof that online transactions in Indonesia has penetrated well. Meanwhile average 
monthly spending is collected for deeper analysis towards discount effectiveness on each level of 
regular spending. These participants are divided into six different scenarios, each scenario has 30 
participants on average. 

The results from descriptive statistics answered three main research questions about purchase 
intention level on each discount type and product type in online platforms or e-commerce. This 
research wants to show which discount type works better in which type of product through mean 
value from each scenario. From table above, the conclusion are MSG=4.15 > MCG=3.89 which 
means purchase intentions on specialty goods are higher than convenience goods when it is 
presented with a percentage discount. Meanwhile for slash price discount, works better with 
specialty goods MSG=3.92 > MCG=3.73. The last discount type is special price, a different result 
revealed with higher purchase intention level on convenience good MCG=3.87 > MSG=3.54, 
makes the third hypothesis rejected. 

 
Fig 2. Interaction Effect 

 



 
T-test results from both product types on all types of discounts shows sig. > 0.05 which means 

there are no significant differences on how consumers behave towards each discount type and product 
type. Meanwhile, two-way ANOVA test also revealed the insignificant interaction effect between 
dependent and independent variables both from F and sig. value. This insignificant differences and 
interaction, canceled all the accepted hypotheses based on the mean value. Hypotheses accepted when 
there are support from both descriptive and inferential statistics. 

 
Table 4. T-test 

Variables Category Participant t Sig. (2-tailed) 
Percentage Discount Convenience Good 31 -0.979 0.332 
 Specialty Good 30   
Slash Price Discount Convenience Good 30 -0.514 0.609 
 Specialty Good 30   
Special Price (Fixed Price) Convenience Good 32 0.999 0.322 
 Specialty Good 35   
 

Table 5. ANOVA 

Variable Interaction F Value Sig 
Discount Type Main Effect 1.072 0.344 

Product Type    1.078 0.342 

5 Discussion 

Based on mean value, the purchase intention level shows that specialty product performed well 
with percentage and slash price, meanwhile convenience good are more suitable with fixed price 
discount. However, there are no significant differences and interaction which can support the 
hypotheses. The absence of physical observation on the real product seems to have bigger impact 
than it seems. This also might have been the main reason for consumers' inability in weighing the 
real value or benefit from a discount form. Online consumers only have limited sources  to observe 
the product [27] which leads to the indifferent way of how they make decisions both on 
convenience and specialty goods. 

Online consumers rely on more external factors, such as testimonial or previous buyer’s review, 
picture shown as display, store ratings, etc. Dissatisfaction that happen much during online 
transaction, especially in Indonesia might be the main driver of this cause. In short, no matter  how 
interesting the discount are, it will not directly impact or cor elate with consumers’ purchase 
intention. Data shown there are still a lot of factors to consider a future purchase. 

6 Conclusion 

While e-commerce platform penetration keeps growing across Indonesia and boosts both online 
transaction volume and value, a strategic promotion plan has become one of the most crucial features. 
Online consumers can do price and written quality observation with just a few clicks ahead, making the 



online competition harder than the actual offline store. This  research shows that there are no significant 
differences between how Indonesian online consumers consider the attractiveness of the specific 
discount pattern on the types of goods. And turns out, even though there are no significant relationship 
between online goods that sell online and discounts, this research still can show how types of goods 
can influence online consumers' purchase intention in Indonesia’s e-commerce platform. 

7 Implication 

The main purpose of a promotion is to generate a ‘call-to-action’ behavior for the consumers. 
Based on the well known concept AIDDA, in the middle of millions of products on e-commerce, the 
first A which is short for attention is playing a big part to win the competition. A combination of 
goods type and specific discount pattern can be one of the ways to attract customers' intention to click 
on the product, read the specifications and finally make a purchase based on that process. While 
specialty goods categories will drive more purchase intention towards percentage and slash price 
discounts, convenience goods will look more attractive with special price or fixed price. This results 
can be a simple guideline for online sellers to start their promotion on e-commerce platform and 
winning the consumers attention and purchase intention. 

Online store owners are expected to carefully crafted the discount scheme.  Default campaign from 
e-commerce will only provide space for some exposure towards the online store,  but will not 
guarantee the conversion of the exposure into a purchase intention or decision. A good discount 
scheme and also eye catching content will attract awareness which will be the  key  of this conversion. 

8 Limitation and Future Research Directions 

This study represents the general view of online shoppers in the Indonesian e-commerce platform. 
Only specialty and convenience goods as the most available and common category are used in this 
research to decrease participants' confusion. A more specific product category may shows more details 
and give better insight. Also, this research only focuses on online consumers in Indonesia’s e-
commerce platform, and definitely does not represent the offline consumers behavior. Adding more 
variables such as discount levels, consumers’ loyalty, and gender might give more specific and focus 
results to the future research. 
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